Clickhouse in Telecom (From 0to 1)
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Comparison with Clickhouse and Hadoop

.

Why Choose Clickhouse? Drop Hadoop

* Hadoop Cluster has a poor performance, that is too slow to be valid.
* Hadoop Cluster is fat.

* Cant execute to query data (PB) in real time.

Clickhouse

Rich functions

Perfect performance

Structure flat not fat

Flexible way in execution
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Technology Architecture Before Clickhouse

Legacy Architecture: Kafka+Storm+Hive+Spark+MySQL

Kafka: collect and aggregate data

Storm: wrangle data o
Hive: ad-hot query data

Spark: analysis offline Hive Cluster Spark Cluster
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Kafka Cluster Storm Cluster HDFS Cluster - UMySQL Cluster
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Technology Architecture After Clickhouse

Zookeeper
Nodes
* Memory Table !!!
- - a .
* ReplicatedMergeTree Table

* Distributed Table
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Technology Architecture In thefurture

* Memory Table

* ReplicatedMergeTree Table
* Distributed Table
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Data Synchronizer
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Write into Storage directly

Zookeeper
Nodes

ClickHouse
50 nodes
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Data Replication Bl Application Data Mining
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Disaster Recovery in 3 DCs
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Need to work

DML SQL(Update , Delete)
* SQL99/2003
* Automated Operation Tools

* Clickhouse on HDFS(like Hawq)



Kill Hadoop using clickhouse

Apache Hadoop Ecosystem
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ClickHouse on AWS

$2t ClickHouse Cloud z Il %5 --
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Clickhouse On AWS
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Amazon Amazon Amazon AWS loT
RDS Redshift Kinesis

MS SQL MS SOL MySaL My SQL
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Database kernel developer

Clickhouse integration developer
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